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Introduction: Usage of independent robotics to precision agriculture is emerging to be a hot topic among 
the research groups, with due credit to the best inuence it may show in food security, sustainability and 

decrease in chemical treatments (Yahaya et al., 2018; Pantazi et al., 2016). It is important to use agrochemicals for controlling 
weeds effectively. But, they can result in adversely affecting the environment and human health too (Montalvo et al.,2013). 
Hence, precision agriculture faces one of the biggest challenging tasks of limiting the usage of agrochemicals like pesticides, 
herbicides, and fertilizers, when sustaining high crop productivity. However, manually monitoring weeds and crops is a time-
consuming activity, making it unfeasible for large-scale agriculture (Shorewala et al.,2021). The Quad Histogram with 
Modied Convolutional Neural Network (MCNN) is utilized previously for categorizing crop as well as weed. Here this research 
exploits quad tree decomposition for feature extraction in addition Modied Convolutional Neural Network (MCNN) for 
classication. Still, color features are exploited for weed categorization. Classication rate is enhanced through several 
texture features which are also necessitated. In addition, single classier is also sufcient to yield improved outcomes, 
henceforth ensemble learning is desired for prediction performance upgrading. 
In this proposed work, Ensemble Modied Convolutional Neural Network (EMCNN) is a promising solution for categorizing 
crop as well as weed merely.  Basically, the input images in this research are Near-Infrared (NIR) and red images. Normalized 
Difference Vegetation Index (NDVI) from NIR as well as red patch images extraction is accomplished through simple 
automated image processing techniques. Noise removal from images in a procient way can be attained through dynamically 
weighted median ltering algorithm which is followed by color feature extraction via Quad Histogram.
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